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Abstract: With the continuous development of large—scale model technology, its application value in the
military field is increasingly prominent. To explore the technical architecture and development process suitable
for military applications of large—scale models and further enhance combat effectiveness, based on an in—depth
analysis of the military applications requirements for large—scale models, a systematic architecture
development process of "pretraining—supervised fine—tuning—reward modeling—reinforcement learning—
knowledge distillation" is proposed by studying the technical mechanisms and military applicability of
Transformer and Mixture of Experts (MoE) architectures. The feasibility of the development process is verified
by taking the intelligent situation awareness system for joint maritime operations as an example. The results
clearly demonstrate the potential application value of large—scale models in tasks such as multi-source
heterogeneous data fusion and intelligent decision support, indicating the feasibility of the development

process. The research provides theoretical references for promoting the in—depth application of large—scale
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models in the military field and accelerating the intelligent transformation of the military.

Key words: large—scale models; military application; requirement analysis; technical mechanism;

development process; case analysis
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5.3 [+ (Reward Modeling, RM)
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5.4 3#8{k=>](Reinforcementlearning,RL)
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5.5 HMiRZE(Knowledge Distillation, KD)
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Fig. 4 Teacher—student model knowledge distillation
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Fig. 5 Development process and interrelationship
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